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Social networks and their implications have been a longstanding topic of in-
terest among communication scholars (Hargittai, 2007; McDermott, 1980; Mutz, 
2002; Rogers & Kincaid, 1981; Valenzuela, Park, & Kee, 2009). Indeed, the size and 
composition of one’s social network is integral to one’s well-being and access to 
social resources (Campbell, Marsden, & Hurlbert, 1986; Eagle, Macy, & Claxton, 
2010; Lin, 2000). Scholars have pointed out, however, that there are substantial 
structural obstacles traditionally disadvantaged groups face that impose limits on 
their networks (DiMaggio & Garip, 2011). Recent research suggests Internet use 
may allow disadvantaged groups to overcome some of these obstacles (Gonzales, 
2015; Mesch, 2007, 2011, 2017; Mesch & Talmud, 2010; Smith, 2013; Tsetsi & Rains, 
2017). The social diversification hypothesis (SDH) offers one explanation for this 
phenomenon, predicting that disadvantaged groups are motivated to use the In-
ternet and social applications (e.g., social network sites [SNSs], blogs, online com-
munities) to expand and diversify their social networks, while advantaged groups 
instead use these tools to maintain their existing networks (Mesch, 2011). Through 
developing larger, more diversified personal networks via the internet, disadvan-
taged groups might increase their access to non-redundant information thus in-
creasing social capital and allowing them to overcome social inequality (Mesch, 
2011). Although evidence consistent with the SDH has been reported in several 
studies (Gonzales, 2015; Mesch, 2007, 2011, 2017; Mesch & Talmud, 2010), the im-
plications of Internet use for network-based inequalities warrant further attention.

The SDH is fundamentally concerned with the different motivations for In-
ternet use exhibited by disadvantaged and advantaged populations in multicul-
tural societies (Mesch, 2011). A gap in SDH research, however, exists in regard to 
whether or not these underlying motivations result in a measurable leveling of 
network-based inequalities in terms of network size and composition. The present 
study fills this gap in research and seeks to advance the SDH by examining the 
implications of Internet and SNS use for the composition of advantaged and dis-
advantaged groups’ social networks. Inequalities explored in the present study re-
gard the disparities in the number of people individuals can share important mat-
ters with (i.e., core network), how many people they know (i.e., kin network and 
total network), and the diversity of their networks in terms of the proportion of 
kin, political attitudes, and socioeconomic status of network members. We test the 
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key outcomes predicted by the SDH (Mesch, 2007, 2011, 2017; Mesch & Talmud, 
2010) and broaden its theoretical scope by investigating whether network-related 
inequalities distinguishing traditionally disadvantaged groups (i.e., non-Whites, 
women, and less educated individuals) from their more advantaged counterparts 
(i.e., Whites, men, and higher educated individuals) differ between non-Internet 
users, Internet users, and Internet plus SNS users. 

In order to test the outcomes proposed by the SDH, we used a dataset from 
a 2010 Pew Research Center study. In addition to including nuanced measures 
of several social network variables among a national sample of U.S. adults, the 
timing of this cross-sectional survey made it possible to acquire sizeable groups 
of Internet users who did and did not participate in SNSs. In the last decade, the 
Internet and the activities people perform on the Internet have evolved along 
with the technologies people use to connect online (e.g., smartphones and tab-
lets). Only about 45% of U.S. adults used SNSs in 2010 compared to 72% in 2019 
(Pew Research Center, 2019). This dataset, therefore, provides a historical context 
in which we can go beyond blunt differences in Internet users and non-users and 
evaluate the unique implications of SNS use. In the following sections, we first dis-
cuss inequality in social network composition and then detail the SDH framework 
(Mesch, 2007, 2011, 2017). 

Literature Review

Inequality and Social Networks 
Inequality has been conceived of as asymmetrical access to resources in a so-

cial system (Lin, 1999, 2000). In the context of social networks, resources repre-
sent information communicated through an individual’s connections (Granovet-
ter, 1973; Lin, 1999, 2000). Additionally, network structure (e.g., location within 
a network) facilitates access to such resources (Lin, 1999, 2000). The concept of 
social capital (Bourdieu, 1985; Coleman, 1988; Lin, 1982; Putnam, 2000) is rooted 
in the idea that the relationships and structure of one’s social network are import-
ant for accessing valuable resources (Coleman, 1988). The two core elements of 
social capital, according to Coleman (1988) are trustworthiness and obligations, 
such that when trustworthiness is high, people can expect social obligations to be 
repaid, and the amount of obligations one is owed constitutes their social capital. 
The stronger, broader, and more varied one’s network connections, the more of 
these resources that are likely to be available in times of need (Lin, 1999, 2000). 
Network connections can take two primary forms. Social capital is built not only 
through the number of bridging ties (i.e., weak ties) one has, but also through the 
strength of one’s bonds (i.e., strong ties; Granovetter, 1973). Whereas bonding ties 
involve family and close friends, bridging ties refer to distant others like acquain-
tances. Bridging ties, which are more easily accessible via the Internet (Mesch, 
2011; Hargittai & Hsieh, 2010), are important because they can link networks and 
thus provide access to expanded resources. It should also be noted that research-
ers have proposed an alternative “enclave hypothesis,” which suggests that some 
racial and ethnic minorities find strength in densely-knit communities defined by 
their homogeneity and strong ties (Portes & Jensen, 1989). The SDH, however, 
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specifically focuses on bridging ties (i.e., ties the link disparate groups) as a way 
for disadvantaged groups to overcome inequality in social networks. 

Lin (2000) identified two fundamental reasons why groups have unequal ac-
cess to social capital. The first is that certain groups face structural inequalities 
that leave them with fewer resources. Different groups distinguished by race, sex, 
and education exhibit structural disadvantages in terms of socioeconomic stand-
ing that arise from cultural or societal norms (Lin, 2000). The second reason is 
that groups tend to cluster with similar others (i.e., homophily; for a review, see 
McPherson, Smith-Lovin, & Cook, 2001). Homophily is important because disad-
vantaged groups tend to form networks with similar disadvantaged others thus 
leaving the entire network with fewer resources compared to advantaged groups. 
In other words, those in advantaged networks not only benefit from the quantity 
of resources available in their networks, but also from a diversity of resources (Lin, 
2000). 

Network-based inequalities are particularly relevant for non-Whites, women, 
and the less educated who are negatively affected by factors including group size 
relative to majority groups, cultural and societal norms, and fewer opportunities 
for advancement among other factors (McPherson et al., 2001). Studies show that 
network size and composition are associated with demographic characteristics (for 
a review, see Marsden, 1987). For example, women have traditionally exhibited a 
higher proportion of kin relationships in their core networks while men have larg-
er non-kin networks (Marsden, 1987; McPherson et al., 2001; Moore, 1990). Hav-
ing a higher proportion of kin in one’s core network results in more homogenous 
networks, which restricts diversity (Coleman, 1988; Marsden, 1987). These asso-
ciations may be in part explained by women’s role as primary caregivers, which 
has also been found to negatively relate to women’s total network size (Munch, 
McPherson, & Smith-Lovin, 1997). Another factor is that men and women partic-
ipate in different organizations that have different levels of embedded resources 
(Lin, 2000). More recent research on network inequalities, however, showed no 
significant difference in the proportion of non-kin relationships between men and 
women (McPherson, Smith-Lovin, & Brashears, 2006). Thus, this specific network 
inequality may be changing. The present study hopes to shed additional light on 
this difference. 

Whites also exhibit significantly different networks than Blacks and Hispan-
ics (Hogan, Hao, & Parish, 1990; Lin, 2000; McPherson et al., 2001; Moore, 1990; 
Parks-Yancy, DiTomaso, & Post, 2009). Both Blacks and Hispanics report signifi-
cantly smaller and less diverse networks compared to Whites (Marsden, 1987; 
McPherson et al., 2006). Homophily and structural factors (e.g., residential seg-
regation, group size) have been proposed as partial explanations for these trends 
(Lin, 2000; Marsden, 1987; McPherson et al., 2001). 

Education is another robust predictor of network structure (McPherson et al., 
2001). Education is positively associated with network size and diversity such that 
the more education one has the larger and more diverse one’s network tends to 
be (Marsden, 1987; McPherson et al., 2006). These trends are likely due to both 
structural constraints (e.g., decreased organizational affiliations) and homophily. 
Mardsen (1987), for example, explains that, “Education is associated with larger, 
more varied networks providing access to diverse others” (p. 129). In other words, 



4          ERIC TSETSI & STEPHEN A. RAINS

the size and diversity of higher educated individuals’ networks are products of 
increased bridging ties and less network density (Marsden, 1987). 

In the present study, we examine the implications of race, sex, and education 
for two dimensions of network size and three measures of network diversity. Re-
garding network size, we consider an individual’s core network (Marsden, 1987) 
and the total number of others an individual knows (McCarty, Killworth, Bernard, 
Johnsen, & Shelley, 2001). Core network size is important because it reflects the 
number of strong or bonding ties someone has (i.e., the individuals one can dis-
cuss important matters with), while the total number of people someone knows 
is important for measuring the extent of one’s network. Together, these network 
size measures help clarify the structure of one’s network by identifying both the 
bonding ties and the bridging ties one maintains. We examine network diversity in 
terms of the proportion of non-kin in one’s core network, the ideological diversity 
in one’s core network, and the socioeconomic diversity among members of one’s 
total network (Lin & Erickson, 2008). Network diversity is important because it 
increases trust and tolerance in others and decreases the echo chamber effect that 
restricts people from questioning their own ideological beliefs (Coleman, 1988; 
Jamieson & Capella, 2008). Occupations also vary in the resources they provide 
access to such that knowing people in a range of positions offers access to greater 
social capital (Lin & Erickson, 2008). In sum, larger and more diverse networks are 
associated with greater social capital. 

Following previous research (Lin, 1999, 2000; Marsden, 1987; McPherson et al., 
2001; Moore, 1990; Rains & Tsetsi, 2017), we predict women will have larger core 
networks, smaller overall networks, and less diverse networks in terms of the pro-
portion of non-kin connections, perceived political diversity, and socioeconomic 
diversity than those of men. Non-Whites will have smaller core networks, smaller 
overall networks, and less diverse networks in terms of the proportion of non-kin 
connections, perceived political diversity, and socioeconomic diversity than those 
of Whites (Lin, 1999; 2000; Marsden, 1987; McPherson et al., 2001; McPherson et 
al., 2006). Finally, we expect that less educated individuals will exhibit smaller 
core networks, smaller total networks, and less diverse networks (i.e., smaller pro-
portion of non-kin, less perceived political diversity, and less socioeconomic di-
versity) than more educated individuals (Marsden, 1987; McPherson et al., 2006). 

Hypothesis 1 (H1): Compared to Whites, non-Whites will report (a) small-
er core networks, (b) smaller total networks, (c) a smaller proportion of 
non-kin connections, (d) less politically diverse networks, and (e) less so-
cioeconomically diverse networks.

Hypothesis 2 (H2): Compared to men, women will report (a) larger core 
networks, (b) smaller total networks, (c) a smaller proportion of non-kin 
connections, (d) less politically diverse networks, and (e) less socioeco-
nomically diverse networks.

Hypothesis 3 (H3): Compared to more educated people, less educated in-
dividuals will report (a) smaller core networks, (b) smaller total networks, 
(c) a smaller proportion of non-kin connections, (d) less politically diverse 
networks, and (e) less socioeconomically diverse networks. 



INEQUALITY, SOCIAL NETWORKS, AND INTERNET USE          5          

The Social Diversification Hypothesis
A critical implication of widespread Internet use has been the potential to mit-

igate or exacerbate inequalities in social capital. Mesch (2007, 2011, 2017) originally 
proposed the SDH to explain Internet use based on social positioning. The SDH 
predicts that Internet use provides disadvantaged groups the opportunity to over-
come society’s structural barriers that often keep them isolated in homogenous 
networks with fewer resources. Mesch (2011) notes that disadvantaged groups 
“will use the Internet to expand their social circle and overcome existing physical 
and social barriers to information and association” (p. 321). Advantaged groups, 
however, have different motivations. These groups use the Internet more to nur-
ture their existing relationships rather than to expand and diversify their networks 
(Mesch, 2011). 

The basic predictions outlined in the SDH (Mesch, 2007, 2011, 2017) have been 
supported in several studies. For example, White adolescents were significantly 
more likely to report more strong ties in their SNS networks than African Ameri-
can and Hispanic adolescents (Mesch, 2017). Additionally, White adolescents re-
ported fewer bridging ties than Black and Hispanic individuals. In terms of the 
SDH, the study proposed that these particular findings indicated Black and His-
panic adolescents were seeking to expand their networks through bridging ties 
while White adolescents were focused on maintaining their networks. In another 
study, Mesch (2011) explored how and why groups in Israel used the Internet and 
certain social applications (e.g., online communities, weblogs, e-mail, and SNS) for 
network expansion or maintenance. He found that Israeli Jews and immigrants 
from the former Soviet Union were more likely to report using the Internet for 
maintaining social ties than did a disadvantaged minority (i.e., Arab Israelis). Arab 
Israelis, in contrast, were more likely than the other two groups to report using 
the Internet to expand their social ties by meeting new people in social applica-
tions like online chat rooms and SNSs. Other researchers have reported results 
consistent with the SDH based on race and education among adults in the U.S. For 
example, Gonzales (2015) observed that Blacks and Latinos, as well as people with 
less education, were more likely to have weak-tie (i.e., bridging) exchanges online 
compared to Whites, Asians, and more educated individuals.

In sum, prior research testing the SDH has supported the prediction that dis-
advantaged groups are motivated to use the Internet to expand their networks, 
whereas advantaged groups use it to maintain their networks (Gonzales, 2015; 
Mesch, 2007, 2011, 2017; Mesch & Talmud, 2010). The relationship between Inter-
net use and users’ social networks that lie at the heart of the outcomes predict-
ed by the SDH, however, require further consideration. The present study heeds 
Mesch’s (2011) call for “further studies addressing more diverse groups” (p. 318). 
It also offers a more direct test of the SDH’s predicted outcomes by examining 
differences in network structure (i.e., network size and diversity) in relation to 
Internet and SNS use among key demographic groups. Rather than focusing on 
motivations for using the Internet, we consider the implications of Internet use 
for users’ social network composition. We believe that by moving beyond motiva-
tions, this study offers insights about whether the distinct Internet use behavior 
of advantaged and disadvantaged groups outlined in the SDH are manifested in 
observable differences in social network structure (Mesch, 2011). 
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If the SDH (Mesch, 2007, 2011, 2017) functions as proposed, then it is reason-
able to conclude there should be differences in network composition based on 
Internet use, SNS use, and non-use. In other words, inequalities in network size 
and diversity stemming from group affiliation should be smaller, non-existent, or 
even reversed among Internet users relative to non-users and SNS users relative to 
Internet users. Following the SDH (Mesch, 2007, 2011, 2017), we predict that dif-
ferences in network size (i.e., core and total) and diversity (i.e., proportion of non-
kin, perceived political diversity, socioeconomic diversity) based on race, sex, and 
education will be moderated by Internet use and SNS use. The largest differenc-
es—or most inequality—in network size and diversity stemming from race, sex, 
and education should exist among people who do not use the Internet. Because 
SNSs are designed specifically to facilitate interaction with others (Ellison, Stein-
field, & Lampe, 2007; Valenzuela et al., 2009), we predict that network inequalities 
between advantaged and disadvantaged groups should be smallest among Inter-
net users who also participate in an SNS. Finally, by virtue of potentially gaining 
access to others but not to the same extent as people who adopt social applications 
like SNSs, we predict that inequality among Internet users should fall somewhere 
between non-users and SNS users. 

Hypothesis 4 (H4): Internet and SNS use will moderate the relationship 
between race and (a) core network size, (b) total network size, (c) propor-
tion of non-kin connections, (d) network political diversity, and (e) so-
cioeconomic diversity. The difference in core network size, total network 
size, non-kin connections, network political diversity, and socioeconomic 
diversity will be greatest among non-users, followed by Internet users, 
and smallest among Internet users who also participate in an SNS.

Hypothesis 5 (H5): Internet and SNS use will moderate the relationship 
between sex and (a) core network size, (b) total network size, (c) propor-
tion of non-kin connections, (d) network political diversity, and (e) so-
cioeconomic diversity. The difference in core network size, total network 
size, non-kin connections, network political diversity, and socioeconomic 
diversity will be greatest among non-users followed by Internet users and 
smallest among Internet users who also participate in an SNS. 

Hypothesis 6 (H6): Internet and SNS use will moderate the relationship 
between education and (a) core network size, (b) total network size, (c) 
proportion of non-kin connections, (d) network political diversity, and (e) 
socioeconomic diversity. The association between education and core net-
work size, total network size, non-kin connections, and network political 
diversity will be largest among non-users followed by Internet users and 
smallest among Internet users who also participate in an SNS. 

Method
This study utilized cross-sectional data collected on behalf of the Pew Internet 

and American Life Project (2010). Telephone interviews with a nationally repre-
sentative sample of 2,255 U.S. adults were conducted between October and No-
vember 2010. Random digit dialing was used to contact potential respondents and 
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the sample was weighted to reflect the U.S. adult population. A detailed expla-
nation of the sampling and weighting procedure has been provided by the Pew 
Research Center (2011). 

Respondents
Respondents were slightly more likely to be female (53.8%, n = 1202) and, on 

average, were 54 years old (M = 54.12, SD = 18.78). Respondents were predomi-
nantly White (n = 1843, 82.5%) followed by Black or African American (n = 190, 
8.5%), mixed race (n = 48, 2.1%), Asian or Pacific Islander (n = 45, 2.0%), Native 
American/American Indian (n = 27, 1.2%), other (n = 14, .6%), don’t know (n = 8, 
.4%), and refused (n = 60, 2.7%). More than one-third of the respondents (39.1%) 
had completed college or greater education.

Measures
Network size and composition measures. The name generator approach em-

ployed in the General Social Survey (Marsden, 1987; McPherson, Smith-Lovin, & 
Brashears, 2006) was used to identify respondents’ core network size, non-kin con-
nections, perceived political diversity, and socioeconomic diversity. Respondents 
reported the first name of up to five confidants with whom they had discussed 
important matters during the preceding six months. The number of confidants re-
ported by respondents was summed and used as the measure of core network size 
(M = 2.43, SD = 1.34). After identifying the first name of confidants, respondents 
were asked to identify the nature of their relationship with each confidant using 
one or more of 11 response options. Sample responses included: spouse/partner; 
parent; brother/sister/sibling; co-worker; neighbor; friend; advisor. To determine 
respondents’ non-kin connections, we first summed the number of confidants who 
were family members (i.e., spouse, parent, sibling, child, or other family member). 
This value was then divided by core network size and subtracted from 1 (M = .36, 
SD = .38). Readers should note that in dividing the sum of participants’ non-kin 
connections by core network size, this measure accounts for differences in the size 
of respondents’ core networks. Values for this measure should be interpreted as the 
proportion of each respondent’s core network composed of non-kin connections.

Respondents then reported their perceptions of the political ideology of each 
core network member on a five-point scale ranging from “very conservative” (1) to 
“very liberal” (5). The difference in political ideology scores for each pair of confi-
dants in a respondent’s network were first computed. The absolute value for each 
pair-wise difference in confidants was then identified and the mean perceived polit-
ical diversity for the respondent’s network was calculated (M = 1.15, SD = .99). Per-
ceived political diversity scores account for the size of each respondent’s core net-
work and reflect how ideologically diverse a respondent perceived his or her core 
network to be with larger values indicating greater perceived political diversity.

The socioeconomic diversity of respondents’ networks was measured us-
ing the social network position generator approach (Lin & Erickson, 2008; Lin & 
Dumin, 1986). Respondents were given a list of 22 different occupations and asked 
to indicate whether they knew anyone holding each occupation. Sample occupa-
tions included nurse, farmer, lawyer, middle-school teacher, full-time babysitter, 
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janitor, personnel manager, hairdresser, bookkeeper, production manager, opera-
tor in a factory, and computer programmer. We created a socioeconomic diversity 
index by summing all known positions (M = 9.74, SD = 4.88). Values for this mea-
sure can range from 0 to 22 with larger scores indicating that respondents’ social 
network contained greater socioeconomic diversity. To clarify, perceived political 
diversity was based on participant core networks while socioeconomic diversity 
was based on total networks.

To measure respondents’ total network size, the scale-up method was applied 
(McCarty, Killworth, Bernard, Johnsen, & Shelley, 2001; McCormick, Salganik, & 
Zheng, 2010). Respondents were given a series of 12 first names (e.g., John, Jane, 
Robert, Sally) and asked how many people they know with each of the names. 
The scale-up method involves using the prevalence of each name in the American 
population in order to provide an estimate of the total number of people known by 
a respondent (McCarty et al., 2001). The mean total network size for respondents 
in our sample was 645 people (median = 489.31, SD = 666.90). One individual was 
excluded from the analyses due to reporting a total network size that was more 
than 45 standard deviations greater than the mean. After excluding this outlier, 
total network size remained positively skewed (skew = 4.08). In order to address 
this issue, total network size was square-root transformed and the transformed 
variable (skew = .77) was used in analyses.

Internet use. Internet use was measured using two items that asked partic-
ipants whether they use the Internet at least occasionally and if they use e-mail. 
Individuals who did not respond affirmatively to at least one of these two items 
were placed into the non-user group (n = 448). Those who reported using the In-
ternet or e-mail were then separated by whether they reported using Facebook 
and MySpace. Participants who used either of these SNSs at least once per week 
were placed in the SNS group (n = 725). We chose one use per week as the cut-off 
for minimum SNS use in an attempt to identify regular users. Finally, individuals 
who used the Internet but not Facebook nor MySpace were included in the Inter-
net user category (n = 1062).1

Demographic characteristics. Respondents were asked to report their race, 
sex, and education. Whites (n = 1857; 82.4%) were coded as 1 and all other races 
(n = 330; 14.6%) were coded as 0, with the exception of those who indicated “don’t 
know” or refused to answer the question whom were coded as missing. Sex was 
coded as 0 for male (n = 1041, 46.2%) and 1 for female (n = 1214, 53.8%). Education 
was measured by asking respondents to report the last grade or class they com-
pleted. Respondents were then grouped into one of seven categories ranging from 
none or grades 1–8 (1) to post-graduate training/professional school after college 
(7) (M = 4.80, SD = 1.64). Finally, age (M = 54.12, SD = 18.78) was included in our 
analyses as a control variable due to its importance in previous studies of the SDH 
(e.g., Mesch, 2017) as well as in Internet and SNSs adoption (Zickuhr & Madden, 
2012). The preceding demographics are unweighted; however, the remainder of 
the analyses conducted to test the hypotheses used weighted data. 
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Results

In order to test our predictions, we ran five regression analyses (i.e., one for 
each dependent variable). Given our goal of testing interaction effects, we entered 
variables in blocks and mean-centered all demographic predictor variables (see 
Aiken & West, 1991, Chapter 7). The first block of each regression analysis includ-
ed a mean-centered age variable as a control. Mean-centered variables for race, 
sex, education level, and age were entered in the second block, followed by two 
dummy-coded variables reflecting Internet use status in the third block, and fi-
nally, interaction terms between the dummy-coded Internet use variables and the 
demographic variables in the fourth block. This approach resulted in four models 
for each dependent variable. 

Given that our hypotheses were focused on how Internet non-users differ from 
Internet users, and how Internet users differ from Internet plus SNS users, Internet 
users were the reference group. The non-users dummy variable, therefore, reflect-
ed the comparison between non-users (coded 1) and Internet users (coded 0); the 
SNS dummy variable reflected the comparison between Internet users (coded 0) 
and Internet plus SNS users (coded 1). Statistically significant interactions indicat-
ed that the relationship between a demographic predictor variable and a network 
outcome variable was significantly different between Internet users (the reference 
category) and non-Internet users or SNS users. The results for all analyses have 
been summarized in Table 1.

Inequality in Personal Social Networks
Hypothesis 1 predicted that non-Whites would report (a) smaller core net-

works, (b) smaller total networks, (c) a smaller proportion of non-kin connections, 
(d) less politically diverse networks, and (e) less socioeconomically diverse net-
works. As shown in Table 1, race was a significant predictor of core network size, 
such that Whites reported significantly larger core networks than non-Whites. Hy-
pothesis H1a was supported. Race was not a significant predictor of total network 
size, proportion of non-kin connections, perceived political diversity, or socioeco-
nomic diversity. Hypotheses 1b, 1c, 1d, and 1e were not supported. 

Hypothesis 2 predicted that women would report (a) larger core networks, (b) 
smaller total networks, (c) a smaller proportion of non-kin connections, (d) less 
politically diverse networks, and (e) less socioeconomically diverse networks. Sex 
was a significant predictor of core network size, total network size, and proportion 
of non-kin connections. Men reported smaller core networks, but larger total net-
works and a greater proportion of non-kin connections. Hypotheses 2a, 2b, and 2c 
were supported. Sex did not predict perceived political diversity or socioeconomic 
diversity. Hypotheses 2d and 2e were not supported.

Hypothesis 3 predicted that less educated individuals would report (a) small-
er core networks, (b) smaller total networks, (c) a smaller proportion of non-kin 
connections, (d) less politically diverse networks, and (e) less socioeconomically 
diverse networks. Education was a significant predictor of core network size, to-
tal network size, non-kin connections, perceived political diversity, and socioeco-
nomic diversity. Respondents with lower levels of education reported smaller core 
networks and smaller total networks than more educated individuals. Likewise, 
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less educated individuals had fewer non-kin connections, less perceived political 
diversity, and less socioeconomic diversity in their networks. Hypotheses 3a-3e 
were supported. 

Internet Use and Network Inequality
Hypothesis 4 predicted that Internet use would moderate the relationship be-

tween race and (a) core network size, (b) total network size, (c) non-kin connec-
tions, (d) perceived political diversity, and (e) socioeconomic diversity such that 
network differences related to race would be greatest among non-users followed 
by Internet users and smallest among Internet plus SNS users. The interaction 
between the no-Internet dummy-coded variable (non-users = 1; Internet users = 
0) and race was significant for perceived political diversity. Decomposing this 
interaction showed that among Internet non-users, Whites reported significantly 
more perceived political diversity in their core networks than non-Whites (β = .26, 
t = 3.33, p = .001). Among Internet users, however, Whites reported significant-
ly less perceived political diversity in their core networks than non-Whites (β = 
-.08, t = -2.17, p = .031). This pattern of findings was consistent with Hypothesis 
4d. Following the SDH, the relationship between inequality in perceived politi-
cal diversity and race was reversed among Internet users relative to non-users. In 
other words, whereas network political diversity was greater among non-users 
who were White, it was also greater among Internet users who were not White. As 
Table 1 indicates, no other significant interactions were found between race and 
Internet use for the remaining network factors. Hypotheses 4a, 4b, 4c, and 4e were 
not supported. 

Hypothesis 5 predicted that Internet use would moderate the relationship be-
tween sex and (a) core network size, (b) total network size, (c) non-kin connec-
tions, (d) perceived political diversity, and (e) socioeconomic diversity such that 
network differences related to sex would be greatest among non-users followed by 
Internet users and smallest among Internet plus SNS users. As Table 1 indicates, 
no significant interactions were reported for sex and Internet use on network fac-
tors. Hypotheses 5a-5e were not supported. 

Hypothesis 6 predicted that Internet use would moderate the relationship 
between education and (a) core network size, (b) total network size, (c) non-kin 
connections, (d) perceived political diversity, and (e) socioeconomic diversity such 
that network differences related to education would be greatest among non-users 
followed by Internet users and smallest among Internet plus SNS users. The in-
teraction between the no-Internet dummy-coded variable (non-users = 1; Internet 
users = 0) and education was significant for core network size and perceived polit-
ical diversity. Decomposing these interactions showed that among Internet users, 
education was positively and significantly associated with core network size (β = 
.17, t = 4.63, p < .001) and perceived political diversity (β = .17, t = 3.49, p = .001). 
Among Internet non-users, education was not significantly associated with core 
network size (β = -.00, t = -0.05, p = .977), nor perceived political diversity, (β = -.03, 
t = -0.37, p = .713). These findings were inconsistent with H6a and H6d. Inequality 
in core network size and perceived political diversity related to education was 
greater among Internet users, but no relationship existed between education and 
these two variables among non-users. 
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Additionally, the interaction between the Internet plus SNS dummy-coded 
variable (Internet plus SNS users = 1; Internet users = 0) and education was sig-
nificant for total network size and socioeconomic diversity. Decomposing these 
interactions showed that among Internet users, education was positively associ-
ated with socioeconomic diversity (β = .12, t = 3.55, p < .001); however, it was not 
associated with total network size (β = .01, t = 0.33, p = .743). Among SNS users, ed-
ucation was also significantly associated with socioeconomic diversity (β = .32, t = 
9.35, p < .001) and total network size (β = .18, t = 5.19, p < .001). Again, these findings 
were inconsistent with H6b and H6e. The pattern of relationships indicate that 
inequality in total network size and socioeconomic diversity related to education 
was greater among Internet users who also used an SNS than among respondents 
who used only the Internet. 

Post-hoc Analyses
We re-ran analyses with Asian or Pacific Islanders removed from the non-

White demographic category and combined with Whites. This allowed us to ad-
dress observed differences in the socioeconomic status of Asian or Pacific Islanders 
compared to Blacks and Hispanics. The results were principally the same as when 
Asian or Pacific Islanders were combined with non-Whites with two key excep-
tions. First, the interaction between SNS use and education on total network size 
(H6b) became non-significant. Second, the interaction between non-use and race 
on socioeconomic diversity (H4e) became significant. Given that the results were 
largely the same, we kept Asian or Pacific Islanders in the original non-White cate-
gory, which we believe most closely reflects the original intent of the SDH.

Discussion

The goal of this project was to test the core outcomes predicted by the SDH 
(Mesch, 2007, 2011, 2017). Namely, that Internet and SNS use can help mitigate 
structural inequalities between demographic groups in terms of their social net-
works. In order to do so, we used a dataset from 2010 in a novel way that allowed 
us to test social network differences between traditionally advantaged and dis-
advantaged groups who do not use the Internet, those who do use the Internet, 
and those who use both the Internet and SNSs. In the following paragraphs we 
describe the implications of our key findings. 

Network Inequality and Internet Use
The SDH (Mesch, 2007, 2011, 2017) makes predictions about the role of the 

relationship between Internet use and long-standing inequalities in access to social 
resources. It was initially applied as a way to understand Internet use motivations 
among ethnic minorities in Israel (Mesch, 2007). The present study helps fill a gap 
in SDH research by evaluating the proposed outcomes of the SHD regarding how 
Internet use is related to network-based inequalities. It helps extend the SDH to 
new areas of disadvantage (i.e., sex and education) and offers a test of its theoret-
ical implications by evaluating social network differences based on one’s level of 
Internet access. 
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The results showed that the relationships between education and network size 
and diversity varied as a function of Internet and SNS use. The trends in these 
results, however, were in the opposite direction of what was predicted. The re-
lationships between education and core network size as well as perceived polit-
ical diversity were not significant for Internet non-users. Among Internet users, 
however, the relationships between education and both core network size and 
perceived political diversity were positive and significant. These findings showed 
that among Internet users, higher educated individuals had both a greater number 
of, and more diverse, bonding ties. Similarly, the associations between education 
and both total network size and socioeconomic diversity were significantly larg-
er among SNS users than Internet-only users. The results suggest that SNS users 
increased their bridging ties in the form of larger and more socioeconomically 
diverse networks compared to Internet-only users. Taken together, these findings 
suggest that Internet and SNS use may allow people with relatively greater levels 
of education to expand the size and diversity of both their core networks (bond-
ing ties) and total networks (bridging ties; Granovetter, 1973). Another important 
implication of the findings is that Internet-only use might be more applicable to 
bonding ties whiles SNS use is more applicable to bridging ties, which provides a 
new level of detail about how Internet use influences network size and diversity. 

The interactions observed in this study largely contradict previous SDH find-
ings (Gonzales, 2015; Mesch, 2007; 2011, 2017; Mesch & Talmud, 2010; Smith, 
2013). Contrary to the SDH (Mesch, 2007, 2011, 2017), use of the Internet and Inter-
net plus SNSs on the whole did not help expand the networks of disadvantaged 
groups, but rather were associated with greater levels of inequality. Mesch (2011) 
argued this could be due to the “stratification hypothesis,” which proposes that 
differential adoption rates of communication technologies reflect existing social 
inequities and may actually lead to a magnification effect. This is akin to the Mat-
thew Effect, in which the rich get richer at a rate that makes the poor, poorer (Mer-
ton, 1968). What these findings might also indicate is that although disadvantaged 
groups are motivated to use the Internet to expand their networks, they are not 
actually achieving their goal. One reason for the discrepancy between the results 
of this study and previous research could be that much of the prior SDH research 
relied on self-report measures of motivations for use and did not directly capture 
the implications of Internet use for the composition of social networks (Mesch, 
2007; 2011, 2017; Mesch & Talmud, 2010; Smith, 2013). It could also be that the 
SDH is confined more narrowly to specific ethnic minority populations rather than 
racial minorities or other disadvantaged populations—despite some evidence to 
the contrary (Gonzales, 2015; Mesch, 2017). 

Although a majority of our findings contradict the SDH, one finding aligned 
with the theory (Mesch, 2007, 2011, 2017). The significant relationship between 
race and perceived political diversity was reversed among Internet users relative 
to non-users. Whereas non-Whites who did not use the Internet reported less per-
ceived political diversity in their core networks than White non-users, non-White 
Internet users actually reported greater political diversity than White Internet us-
ers effectively reversing the relationship between race and this form of network 
inequality. This finding could reflect the potential of Internet use to facilitate more 
diverse bonding connections (i.e., strong ties) among the core networks of tradi-
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tionally disadvantaged groups. Given the preponderance of results, however, this 
single finding should be interpreted cautiously. More broadly, readers should note 
that the blocks containing the interaction terms only explained a small amount of 
unique variance in the network measures. Even so, we believe these results are im-
portant and provide novel observations regarding the SDH and the implications 
of Internet use for social network size and diversity. 

The fundamental assumption of the SDH (Mesch, 2007, 2011, 2017) is that dis-
advantaged groups will use the Internet and social applications to expand their net-
works while advantaged groups will use these tools for network maintenance. What 
the present study predominantly shows, however, is that Internet and SNS use are 
not associated with lower levels of inequality in network size and diversity for sex, 
and are associated only for race and perceived political diversity. Furthermore, the 
observed interactions involving education and key network factors showed that In-
ternet and SNS use was associated with greater inequality rather than less inequali-
ty, thus contradicting a core prediction of the SDH in relation to education. Next, we 
discuss network inequalities related to race, sex, and education. 

Demographic Predictors of Network Inequality
In addition to testing the key outcome predicted by the SDH, this study also 

offers a more contemporary assessment of inequalities in network resources be-
tween important demographic groups. The findings show that several social net-
work disparities persist between traditionally advantaged and disadvantaged 
groups, while others appear to be shifting. Education proved to be the most sa-
lient and persistent demographic characteristic for explaining social network size 
and composition. Specifically, education was a significant predictor of each of the 
network factors explored in this study such that those disadvantaged individuals 
with less education also had smaller and less diverse networks. This finding aligns 
with prior research (Marsden, 1987). Education represents one of the most robust 
factors in determining one’s social network size and composition and, therefore, is 
essential to addressing social network inequalities. Notably, education is the only 
demographic factor explored in this study over which people have some control—
albeit very limited, in some cases. The findings from this study underscore the 
potential benefits of expanding access to education. Beyond the tangible economic 
advantages, the results of this study suggest that greater educational opportuni-
ties could also potentially help yield more expansive access to social resources 
through larger and more diverse networks.

The findings for sex also reflected traditional inequalities, although the ob-
served effect estimates tended to be smaller than for education. Women reported 
larger core networks than men. Men, however, reported larger total networks and 
a greater proportion of non-kin in their core networks than women. Again, these 
findings are consistent with prior research that showed women tend to face struc-
tural inequalities in social network size and composition (Marsden, 1987; Moore, 
1990); however, they contradict more recent research that found a leveling of non-
kin connections between men and women (McPherson et al., 2006). The implica-
tion of the findings reported in this study is that women appear to continue to face 
structural network inequalities that are likely tied to artificial constraints manufac-
tured by an unequal social structure that privileges men in terms of income, jobs, 
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and childcare obligations among other factors. In these terms, men have structural 
advantages toward achieving status positions that can in turn lead to larger net-
works composed of more non-kin connections (Moore, 1990). 

In regard to race, the only significant difference between Whites and non-
Whites was in core network size such that Whites reported significantly larger core 
networks than non-Whites. This finding aligns with previous research showing 
that Blacks and Hispanics both exhibit smaller networks than Whites (Marsden, 
1987; McPherson et al., 2006). It is also important to note, however, that Whites and 
non-Whites did not differ in total network size or network diversity (i.e., propor-
tion of non-kin, perceived political diversity, and socioeconomic diversity), which 
contradicts previous findings that showed these traditional network inequalities 
(Hogan, Hao, & Parish, 1990; Lin, 2000; Marsden, 1987; McPherson et al., 2001; 
McPherson et al., 2006; Moore, 1990; Parks-Yancy et al., 2009). This finding might 
indicate that in some practical ways, race has become less of a factor in network 
inequality despite persistent structural disadvantages. 

Limitations
One limitation of the current study was that the data were from a cross-sec-

tional survey conducted approximately 10 years ago. Although the survey is 
somewhat dated and only provides a snapshot of the population in question, it 
offered several unique opportunities to conduct a robust test of the SDH. Because 
the survey was conducted with a nationally representative sample of U.S. adults, 
readers can be confident in the accuracy of the estimated relationships between 
demographic and network variables. Moreover, the survey included established 
measures of network size and diversity utilizing the name generator method and 
the scale-up method. These measures, however, are not without limitations. Spe-
cifically, the scale-up method uses names that appear to skew toward predomi-
nantly White names; however, race was not associated with total network size in 
our analysis as might be expected if this measure was biased. Finally, the dataset 
was limited in that it did not include comprehensive measures of Internet use 
types or motivations. The survey did, however, make it possible to distinguish 
SNS users from individuals who only use the Internet. 

Conclusion
In sum, by testing network-related outcomes of Internet and SNS use on a 

national sample of U.S. adults, we believe we have advanced SDH research how-
ever modestly. The present study offers insight into the network inequalities faced 
by disadvantaged groups including non-Whites, women, and less educated in-
dividuals. Additionally, it offers a contrary view to the assumption that Internet 
and SNS use is essential to addressing inequality. In fact, this study suggests just 
the opposite: Internet and SNS use was associated with greater social network 
inequalities. To be sure, the SDH (Mesch, 2007, 2011, 2017) remains an important 
part of scholarly efforts to explain the social implications of Internet use and re-
quires additional study to fully understand if and how the Internet can be used 
to overcome structural inequalities. One direction for future research of the SDH 
would be to explore how demographic groups’ networks vary in terms of the pro-
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portion of Internet connections they maintain. Additionally, to more directly test 
the SDH, a future study should focus on change in network size and composition 
over time among disadvantaged relative to advantaged groups. 
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Endnote

1.  Twenty “smartphone dependent” Internet users were removed from the data-
set prior to analysis due to the unique nature of this group. Smartphone depen-
dents only had access to the Internet via their mobile phones. These individuals 
reported not using the Internet at least occasionally or sending email, but also 
reported using their mobile phones to connect to the Internet or send Email.
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